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Abstract

ÅWe constructE-ConvRec, anauthenticChinesedialoguedatasetconsistingof over25k dialoguesand770k utterances,which containsuserprofile, productknowledge

base(KB), andmultiple sequentialrealconversationsbetweenusersandrecommenders.

ÅWe exploreconversationalrecommendationin a real scenefrom multiple facetsbasedon the datasetandparticularlydesignthreetasks: userpreferencerecognition,

dialoguemanagement,andpersonalizedrecommendation.

ÅWe establishbaselineresultsonE-ConvRecto facilitatefuturestudies.

Figure1. A dialogueexamplefor E-ConvRec. This datasetprovidesconversationflows from real scenarioof E-commerce,userprofile and

product KB to enrich recommendation. Moreover, three sub-tasksof user preferencerecognition,dialoguemanagementand personalized

recommendationaredevisedto facilitateresearchonCRS.

Introduction

Å Usersdescribethesoughtproductsin broadertermsanda casualway,

resultingin difficulties in eliciting users'preferences.

Data Collection

Dialogue Flows

Our dialoguedatasetcontainsconversationson pre-salestopicsbetween

usersand customerservicestaff in an E-commercescenarioand pre-

selectfrom abroadersetof dialogues.

User Profile

We provide20differenttypesof userprofiles.

Total cases 32,609

Total sessions 25,440

Total turns 305,441

Average turns per session 12

Max turns 100

Min turns 2

Total utterances 775,338

Max utterances 180

Min utterances 3

Total words 6,782,956

Average words per utterance8.7
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information.

Å Historical shopping activities.

Product Knowledge Base

Å KB information of products

mentioned from the E-

Commerceplatform.

Å Knowledgeof otherproducts

in the samecategoryandsell

in thesameonlineshop.

Task Formulation & Experiments

User Preference Recognition

Fourkindsof preferencewords: descriptivepreferencewords, categorywords, comparative

preferencewords, andnegativepreferencewords.

Dialogue Management

Personalized Recommendation

Å Click-throughrate(CTR) predictiontask.

Å Sequencelabelingtask.

Å Lexicon E-comm dict in the E-commerce

domainwith a vocabularysizeof 722k.
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The systemshouldmakethe properrecommendationat the goldentime. We specifically

focuson thetaskof recommendationtiming prediction.

Å Binary text classificationtask.

The task of conversational recommendation is designed to judge whether the user will buy 

a candidate product based on user profile, product KB and conversation content

Case Study

Å Green box highlights the product mentioned in the conversation, and the orange one refers to ground truth

Accurately recognizinguser preferencewords in casualutterances

laysthefoundationfor providinghigh-quality recommendations.

Å Customersusually proceedin a coarse-to-fine mannerto gradually

maketheir decisionsduringaconversation.

Å Therearemassivepersonalizeduserprofiles andproductknowledge

in theE-commercedomain.

-

Customerservicestaffs needto conducteffective interactionswith

themto collectrequiredinformationor makea recommendation.

-

The auxiliary information makesit easyto trace connectionsfrom

usersto specific items and providesa high-quality recommendation

for customers.

-

Å Basic Features(BF), Interactive Features

(IF), ContextualFeatures(CF).

Å Label the intention for eachquery in the

dialogueswith anin-houseintentclassifier

of theE-commercedomain.


